Databases & SpreadSheets

Christan Grant, Ph.D.

Arnold and Lisa Goldberg Rising Star Associate Professor

cgrant@use ufl.edu — https //ceg me
“eufdatastudio.com#




Christan Grant, Ph

7 1

e Completed my doctorate in UF CISE 2015.
e Associate Professor of Computer Science at
the University of Oklahoma.

e




UF Data Studio

We are passionate about
developing new ways
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their data and understanding
the fundamental research
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pipeline.
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Student M Import

OWE:] Export Current Gradebook View

{
"employee": {
"name": "sonoo”,
"salary": 56000,
"married": true
}

}  JSON — Java Script
Object Notation

Spreadsheets

* Exported spreadsheets go to CSVs
to use other software.

* All software reads . csv files.

e Other storage formats include
.tsv, .json
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Index of /genomes

Name Last modified Size

Parent Directory -

ASSEMBLY REPORTS/ 2023-07-11 05:00 -
CLUSTERS/ 2017-12-04 10:38 -
GENOME_REPORTS/ 2022-10-18 15:08 -

HUMAN MICROBIOM/ 2012-04-19 03:27 -
INF Za/ 2020-10-14 04:02 -
MapVie 2022-02-07 22:48 -
2017-10-23 11:48 -
2022-07-05 15:24 -
2023-07-04 23:07 -
2022-10-26 10:49 -

& - C & nttps://ftp.ncbi.nim.nih.gov/genomes/GENOME_REPORTS/eukaryotes.txt

#Organism/Name TaxID BioProject Accession BioProject ID Group SubGroup Size (Mb)
Genes Proteins Release Date Modify Date Status Center BioSample Accession
Neopyropia yezoensis 2788 PRJNAS589917 589917 Other Other 107.591 64.8454 GCA_00982
3:CM020620.1 WMLAO1 28 - - 2020/01/03 2020/01/06 Chromosome
Emiliania huxleyi CCMP1516 280463 PRJNA77753 77753 Protists Other Protists 1
2013/04/19 2014/08/01 Scaffold JGI SAMN(02744062

Arabidopsis thaliana 3702 PRJNA10719 10719 Plants Land Plants 119.669 36.0529
2:NC_003071.7/CP002685.1; chromosome 3:NC_003074.8/CP002686.1; chromosome 4:NC_003075.7/CP002687.
MT:NC_037304.1/BK010421.1; chloroplast Pltd:NC_000932.1/AP000423.1 - 7 38311 4
Information Resource (TAIR) SAMN(03081427

Glycine max 3847 PRJNA19861 19861 Plants Land Plants 978.942 35.1221 GCA_00000
2:NC_016089.4/CM000835.4; chromosome 3:NC_016090.4/CM000836.4; chromosome 4:NC _016091.4/CM000837.
6:NC_038242.2/CM000839.4; chromosome 7:NC_038243.2/CM000840.4; chromosome 8:NC_038244.2/CM000841.
10:NC_038246.2/CM000843.4; chromosome 11:NC_038247.2/CM000844.4; chromosome 12:NC_038248.2/CM0008
14:NC_038250.2/CM000847.3; chromosome 15:NC_038251.2/CM000848.3; chromosome 16:NC_038252.2/CM0008
18:NC_038254.2/CM000851.4; chromosome 19:NC_038255.2/CM000852.4; chromosome 20:NC_038256.2/CM0008




Data Base Management Systems (DBMS)

e Software to manage the storage and access to databases.

* The data is stored and organized in an efficient binary format (1s and
Os).

* Logically, data are stored as “Tables”.

e Data is accessed through a Structured Query Language (SQL).
* There are many databases types and companies.

* Demo time! https://sqliteonline.com/
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Google Sheets (GQL Queries)

@

Tutorial: https://spreadsheetpoint.com/google-sheets-query-function/

| =QUERY( , "SELECT * WHERE B="Manufacturing' ORDER BY E DESC",61) I
" ! J K L M

Employee Name |Department |DOB Address Hours Worked |Hourly Rate
9192 10th Avenue
Hopewell Junction, NY

Miranda Mathew | Manufacturing 08/01/00(12533 45 30
8412 Pine Rd. Taunton,

John Leon Manufacturing 05/01/00| MA 02780 32 20
941 Bowman Lane

Cierra Vega Manufacturing 01/08/02|Englewood, NJ 07631 25 15
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D a ta S EtS https://www.kaggle.com/datasets/felipeesc/

shark-attack-dataset

* In ML and Al, it isn’t enough to just provide a set of data.
* The data are splitinto {training, validation, testing}

Datasets

O PyTorch

Q_ sharks = Filters
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Felipe_Esc - Updated 2 years ago
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https://www.kaggle.com/datasets/felipeesc/shark-attack-dataset
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Data Sheets

Datasheets for Datasets

Timnit Gebru' Jamie Morgenstern® Briana Vecchione® Jennifer Wortman Vaughan' Hanna Wallach'
Hal Daumé III''* Kate Crawford '

Movie Review Polarity

Thumbs Up? Sentiment Classification using Machine Learning Techniques

Motivation

For what purpose was the dataset created? Was there a specific task
in mind? Was there a specific gap that needed to be filled? Please provide
a description.

The dataset was created to enable research on predicting senti-
ment polarity—i.e., given a piece of English text, predict whether
it has a positive or negative affect—or stance—toward its topic.
The dataset was created intentionally with that task in mind, fo-
cusing on movie reviews as a place where affect/sentiment is fre-
quently expressed.’

Who created the dataset (e.g., which team, research group) and on
behalf of which entity (e.g., company, institution, organization)?

The dataset was created by Bo Pang and Lillian Lee at Cornell
University.

Who funded the creation of the dataset? If there is an associated grant,
please provide the name of the granter and the grant name and number.

Funding was provided from five distinct sources: the National
Science Foundation, the Department of the Interior, the National
Business Center, Cornell University, and the Sloan Foundation.

Any other comments?
None.

Composition

What do the instances that comprise the dataset represent (e.g., doc-
uments, photos, people, countries)? Are there multiple types of in-
stances (e.g., movies, users, and ratings; people and interactions between
them: nodes and edaes)? Please provide a descrintion.

these are words that could be used to describe the emotions of john sayles”
characters in his latest , limbo . but no , 1 use them to describe myself after
sitting through his latest little exercise in indie egomania . i can forgive many
things . but using some hackneyed , whacked-out , screwed-up * non * -
ending on a movie is unforgivable . i walked a half-mile in the rain and sat
through two hours of typical , plodding sayles melodrama to get cheated by a
complete and total copout finale . does sayles think he’s roger corman ?

Figure 1. An example “negative polarity” instance, taken from the file
neg/cv452_tok-18656.txt.

exception that no more than 40 posts by a single author were in-
cluded (see “Collection Process” below). No tests were run to
determine representativeness.

What data does each instance consist of? “Raw" data (e.g., unpro-
cessed text or images)or features? In either case, please provide a de-
scription.

Each instance consists of the text associated with the review, with
obvious ratings information removed from that text (some errors
were found and later fixed). The text was down-cased and HTML
tags were removed. Boilerplate newsgroup header/footer text was
removed. Some additional unspecified automatic filtering was
done. Each instance also has an associated target value: a positive
(+1) or negative (-1) sentiment polarity rating based on the num-
ber of stars that that review gave (details on the mapping from
number of stars to polarity is given below in “Data Preprocess-
ing").

Is there a label or target associated with each instance? If so, please
provide a description.

The label is the positive/negative sentiment polarity rating derived
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Bonus

Simple ML for Google Sheets

sheets.google.com



