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Why this demo?
Scalar fairness metrics can summarize group-level 
differences, but they often do not show where 
subgroup errors are concentrated. RISE-NLP helps 
auditors see where the distributions separate and 
inspect the underlying text examples.

What users see INTERACTIVE · VISUAL · EXAMPLE-DRIVEN FAIRNESS ANALYSIS
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Residual curve 
visualization

Compare quantile 
functions across groups 
and see where they 
separate.

Metric summary 
panel

View distributional 
fairness metrics and key 
statistics for the 
selected region or 
instance.

Interactive 
subgroup 
comparison

View group-specific 
curves, quantiles, knee 
points, and distributional 
differences.

Click a region to 
inspect examples

Select points or 
percentile regions to 
view concrete examples 
and model predictions.

FROM PATTERNS TO EXAMPLES HOW THE DEMO WORKS

1. Load predictions and 

subgroup metadata

2. Compare residual 

curves across groups
3. Select separated 

percentile regions

4. Inspect text behind 

the visulization

VISUALIZATION DIFFERENT DATASETS, 
DIFFERENT FAIRNESS BEHAVIORS

16 
participants

10 

said they would 
use the system

12 

said the interface 
helped them reason 
about fairness–
accuracy trade-offs


Common feedback: 
clearer metric 
definitions and a 
less dense layout.

USER STUDY

Auditors can inspect true positives, true negatives, false positives, and false 
negatives, together with model confidence and highlighted text evidence.

Identity-linked toxicity settings show larger residual gaps than the random-group control.

TAKEAWAY

RISE-NLP helps users move from 
aggregate metrics to localized residual 
patterns and then to the concrete 
examples that drive those disparities.



